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e spiking neuron network (SNN)

e spike timing dependent plasticity (STDP)
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e build a large network with a lot of connections
e base pruning of connections on an STDP rule
e search in the stabilized network for PFS

e bootstrap the search for emerged synfire chains
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e subthreshold membrane (V;(t) < 6) :
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e threshold membrane (V;(t) > ) :
‘/;(t + At) — Vrest

Si(t) =1
YD,L(t + At) =Y Dyax



LEARNING

Lij(t+ At) = ko - Li(t)
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LEARNING

Lij(t + At) = kaet - Li(t) +(Y Di(¢) - S5(t))
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LEARNING

Lij(t + At) = koer - Lit) +(YDi(t) - ;1)) —(Y Dy () - Si(1))
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Obidos(student) — results

Obidos(iglesias) — ~ nothing



IT COULD BE WORST
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e September 6" :
find an italian restaurant and have pasta, and tiramisu too

e September 20-25 :
poster at the 5" Neural Coding Workshop, Aulla, Italy

e end of November :
article in the proceedings of NCWS-2003

e end of 2004 :
PhD ?



